Text-Mining on the Web
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o AAM|CH St e-lab (hitp:/e-lab.yonsei.ac.kr/lexical/test.jsp)

o Zalab (hitp://lab.zagia.com/)

o sh=aaet s 2 od 4 3(KISTI) 23 (http://www.kristalinfo.com/)

o MeoiEtm xS olEu ol A oA

(http://ids.snu.ac.kr/wiki/Implementing_typo_and_spacing_toleran

t korean_morpheme_analyzer)

s GOo{HOAM = HFE Noun extractor 22
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tf.idf ( term-frequency / inverse document frequency)



tf.idf (Term Frequency — Inverse
Document Frequency)

IDF= In(N/d,)+1 = In(N) — In(d,)+ 1

w,.=TF *IDF =f.* (In(N) - In(d,) + 1)

N: the number of documents in the document collection,
d,: the number of documents containing the term k,

f.: the absolute frequency of term k in document J, and
w;,: the weight of term k in document i

Example of final output

Document 1 Document n
computer — 5.321 html — 4.321

html — 2.342 T computer — 3.231
xml —2.112 java—3.123

web — 1.980 web —2.311
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(http://highlight.njit.edu/ais)

Keyword extension
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FZEE I/ EL HAHE 2MHM s =H 1AM 2| concept maps T35
TF e o] off — POCA (probability of co-occurrence analysis) (Wu, 2001)
T = =l concept map2| o
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Concept Map2| &

Concept map= StLt2| ontology 2 &2
o Concept map &0l M Z177h2 7| /I =& AtE et keyword extension
Concept map= O| EdsliAl A4 ZItE E7/

AE A 9 keywordQP concept mapS H|wWsHM SHE 2ME

o Of|: Highlight M| E} ZAH A Xl (by Brook Wu) — 0121 Z AH il & 0f| A
Hh2 AMZ IS concept map2 Ol all A /sl =Lt (Demo:

http://highlight.njit.edu )
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o Umbria Communications (http://www.umbrialistens.com/)
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